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Review paper “Rotation Invariant Shape Contexts based on Feature-space Fourier Transformation”
· What’s the paper's content? 
    The paper presented a method to new, fast and effective shape descriptor which related Shape Contexts and Fourier Transformation. The authors gave the approaches how to use Shape Contexts to obtain a 2D histogram which can contain shape information of the points set and analyze the 2D histogram via Fourier Transformation. After getting the shape feature for two shapes need to compare, a matching algorithm was proposed to illustrate how compute corresponding points utilizing the presented new shape descriptor. 
The highlight in this paper is that the authors presented a detail proof that the new shape descriptor is affine transformation invariant which includes scaling and rotation.
Experiment was based on Chinese character which was be affine transformed and be added into different kinds of noise. Results showed that the method presented in the paper is effective in these experiments.  
· What’s the main contribution? 
    The main contribution of this paper is that the paper built a connection between Shape Contexts and Fourier Transformation. This paper used the Fourier analysis for Shaper Contexts is well known shape descriptor. After Fourier analysis of Shape Contexts, the new shape descriptor was invariant to rotation. 
    More important, the paper gave proof for the rotation invariant of the new shape descriptor. The time complexity of the new shape descriptor is less because the Fourier Transformation takes little cost.
· Is the paper well motivated, i.e. are there sound justifications for the approach? 
    The paper is well motivated. Shape Contexts was a well known method for shape description which can capture the structure information using log-polar plane. Fourier transformation was used to realize rotation invariant of the new shape descriptor. In the part 2.3 of this paper, the authors gave proof for the affine transformation invariant of the new shape descriptor. 
· Is the paper technically sound? 
For the new shape descriptor, I think it is a good idea and can be realized easily. However, I wonder the matching approach of this paper. 
Most case, we want to use shape descriptor to do the object recognition. In this situation, similar objects hold the similar shapes. So, shape descriptor is used to extract the similar information of the same object category. After capturing the shape information using shape descriptor, we are usually asked to evaluate the shape similarity between two objects. The similarity between two objects is important for us to handle object recognition questions. 
However, in this paper, the author just presented a method to find most corresponding point in the second points if a query point in the first points set is given. If we are give two extremely different points set, after the matching step using the presented approaches in this paper, we always can find the corresponding relationship between these two different points set. This means that we can assume these two points set are related to each other. This relationship cannot illustrate the similarity in anyway. 
In the worst case, the first point set is a Chinese character, the second point set which only contain noise. The matching method in this paper can also find the Chinese character in the completely noisy point set. In other words, the method is this paper just gave the matching approach for two points set which are similar to each other. If these two points set are different, the method also can find the corresponding relation of the points in these two point sets. But, the relation between these two point set is useless. 
Another concern is that how to use the shape descriptor to computer the similarity of two point sets other than just find corresponding relationship between two given point sets. The distance of the two feature matrix can be got in the matching step. Is there a way to utilize the distance of shape feature to compute the similarity of given point sets.
The last concern is about point set. In the object recognition, the point set can be obtained using edge points. How about if we use different sampling method to get point sets from the same edge points. It means that the two points are from same object. However, the sampling methods are different. How about the result in this case?
· Are the references sufficient? 
    No, I suggest that the paper add more references. 
    There are lots good paper worthy to refer. For example, papers about shape analysis should be added and papers about distance of feature space should be added.
· Is the paper readable? 
    I would think that this paper is a little tough for reading. The suggestion is that before list the algorithm steps, it would be better that we firstly explain the idea of the algorithm. Like, what is the idea, and how to realize the idea in sentences. Then, authors can give the steps of algorithm. If there is no brief explanation of the idea or algorithm, readers maybe loss when they are reading the algorithm.
· Are the experiments and results convincing? 
For experiment to show the rotation invariant, I say that the experiment is convincing somehow.
As mentioned, if we are given a query point set and the second point set only contain noisy points. What is the result of this case?  
If the two point sets are from the same original point set e.g the edge of an object. But the sampling method to get these two point sets is different. How about the result of this case?
I suggest that the author can also add the experiment about the time complexity. Because, the paper said that the new method is less time-consuming. More experiments should add to prove the less time-consuming.
I also suggest that the author can consider the comparison of other method. For example, the Housdorff distance is proved invariant to affine transformation somehow. It will be good that the comparison experiment could be added.  And how about the result compare to traditional Shape Contexts method?
· Would you suggest publishing the paper? (ranking: accept as is, major revision, minor revision, reject)
I will give minor revision for this paper.
